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Nonlinear MIMO Transceivers Improve Wireless-
Powered and Self-Interference-Aided Relaying
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Abstract— This paper investigates the design of robust
nonlinear transceivers conceived for multiple-input multiple-
output full-duplex wireless-powered relay networks in the face
of realistic imperfect channel state information (CSI). A novel
self-energy recycling aided relaying protocol is employed,
whereby the relay node benefits from energy harvesting (EH)
gleaned from the self-interfering link in addition to its
primary energy. The proposed nonlinear transceiver relies
on a Tomlinson–Harashima (TH) precoder along with an
amplify-and-forward (AF) relaying matrix and a linear receiver,
where the TH precoder is composed of a feedback matrix
and a source precoding matrix. Two different criteria are
considered for the robust design of the nonlinear transceiver
in the presence of channel estimation errors modeled by the
Gaussian distribution. The first one aims to minimize the mean-
squared-error (MSE) at the destination subject to a transmit
power constraint at the source and an EH constraint at the
relay. The resultant optimization problem is converted to four
subproblems and solved via an alternating optimization (AO)
algorithm that iteratively updates the transceiver coefficients
by sequentially addressing each subproblem, while keeping the
other matrix variables fixed. The second design criterion aims
to minimize the transmit power at the source under both MSE
and EH constraints. Similarly, an AO-based iterative algorithm
is proposed for solving this problem. Our simulation results
show that the robust design advocated is capable of alleviating
the effects of CSI errors, hence improving the robustness of the
system over that of the corresponding linear designs.

Index Terms— Transceiver design, Tomlinson-Harashima
precoding, full-duplex, energy harvesting, MIMO relay.
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I. INTRODUCTION

AT THE current state-of-the-art wireless devices are
usually powered by batteries, hence have a limited

operating time. Hence, energy harvesting (EH) is consid-
ered as an attractive technique of prolonging the recharge
period of energy-constrained wireless devices [1]. However,
the traditional EH techniques rely on natural energy sources
(solar, vibration, wind, etc.), which cannot be controlled
and are not always available. Hence, EH from the ambient
radio-frequency (RF) electromagnetic signals has emerged as a
promising techniques of powering energy-constrained wireless
networks. Consequently, RF-EH networks have found their
way into wireless sensor networks, wireless charging systems
and wireless body area networks [2]–[5]. In this emerging EH
framework, the ambient RF signals are exploited as a precious
source of energy for recharging ubiquitous wireless devices.
As a result, the study of wirelessly powered communication
networks (WPCN), in which wireless devices are powered
by the RF energy harvested from wireless transmissions
has drawn considerable attention [6]–[10]. More specifically,
WPCN is a new networking paradigm where the battery
of wireless communication devices can be remotely replen-
ished by means of microwave wireless power transfer (WPT)
technology. Compared to the conventional battery-powered
networks, WPCN offers the potential to eliminate the need of
manual recharging the batteries, which can efficiently reduce
the operational cost and enhance the performance attained.

Furthermore, relay-aided transmissions may be invoked for
enhancing the cell-edge coverage [11]. Motivated by the
aforementioned benefits of WPCNs, the concept of wireless-
powered relay (WPR) networks has emerged [12]–[14].
The existing contributions on WPR networks tend to use
either time-switching based relaying (TSR) [12], [13] or
power-splitting based relaying (PSR) protocols [13], [14].
As a further development, full-duplex (FD) transmissions
have attracted substantial attention, since they can potentially
double the spectral efficiency [15]. Inspired by the benefits of
FD, the optimal TSR protocol was invoked in [16] for boosting
the throughput of FD-WPR networks. Furthermore, a novel
two-phase protocol was proposed for FD-WPR networks rely-
ing on self-interference (SI) recycling, in which the relay
harvests energy not only from the source but also from its own
SI link [17]. However, the existing body of research is strictly
focused on WPR networks relying on single data streams,
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whilst the scenario of multiple-input multiple-output (MIMO)
WPR networks supporting multiple streams has not as yet been
studied.

When it comes to MIMO relay networks, the transceiver
design has been extensively studied for enhancing the attain-
able performance. In particular, nonlinear transceivers based
on Tomlinson-Harashima precoding (THP) have attracted
much interest as a benefit of their significant performance
advantages over their linear counterparts [20]–[23]. In [24],
the authors focused their attention on the transceiver design
of a two-hop MIMO-aided relay network employing THP at
the source. Given the limited processing capability of the relay
node, THP is only used at the source. In [25], two methods
are proposed for solving the design problem, including a
non-iterative technique of finding closed-form solutions for
the precoders and an iterative method of separately optimiz-
ing the precoders. Robust nonlinear transceiver designs were
proposed in [26]–[29] for MIMO-aided relay networks relying
on realistic imperfect channel state information (CSI). To the
best of our knowledge, however, no contributions have studied
robust nonlinear transceiver design of WPR networks.

Motivated by the above considerations, our new contribu-
tions are 1) We propose robust nonlinear transceiver designs
for FD-based MIMO WPR networks. Explicitly, the nonlinear
THP-based transmitter is intrinsically amalgamated with a
linear amplify-and-forward (AF) relaying matrix and a linear
minimum-mean-squared-error (MMSE) receiver at the desti-
nation, where the THP is composed of a feedback matrix and
a source precoding matrix. 2) A novel two-phase transmission
protocol is used for the WPR network, in which the relay
operates in FD mode relying on simultaneous information
transmission and EH [17]. In particular, the relay consciously
invokes energy recycling by harnessing a precious portion of
the SI power in addition to the RF energy received from its
primary source. 3) Within this framework, two compelling
practical criteria are considered for the proposed robust trans-
ceiver design. The first criterion aims for minimizing the
mean square error (MSE) at the destination subject to a
realistic transmit power constraint at the source and to an EH
constraint at the relay. The resultant non-convex optimization
problem is decoupled into four subproblems and solved via
a sophisticated alternating optimization (AO) algorithm that
iteratively updates the transceiver coefficients by sequentially
addressing each subproblem, while keeping the other matrix
variables fixed. Specifically, given the THP feedback matrix,
as well as the source precoding matrix and the AF relaying
matrix, we derive the optimum linear receiver in a closed form.
Given the feedback matrix, the source precoding matrix and
the linear receiver, the AF relaying matrix can be found by
convex optimization. We then transform the non-convex design
subproblem of the source precoding matrix into a difference
of convex (DC) functions programming [18] and propose an
iterative solution scheme based on the constrained concave
convex procedure (CCCP) [19]. Finally, by fixing the other
three matrix variables, the feedback matrix is derived with
the aid of the classic Lagrangian multiplier method. 4) The
second criterion aims for minimizing the transmit power at
the source under an MSE constraint at the destination and

an EH constraint at the relay. Similar to the first condition,
an AO-based iterative algorithm is developed for solving
this problem sequentially, where an efficient initial feasibility
search scheme is proposed. Since some of the search variables
are not included in the objective function, we resort to a
novel method to enlarge the feasible region so as to obtain
the solution. 5) The convergence speed and computational
complexity of the proposed algorithms are also studied in
detail. Simulation results are presented for demonstrating the
efficiency of the proposed robust nonlinear transceiver designs.

The rest of this paper is organized as follows.
Section II introduces the proposed MIMO WPR system
model and channel error model, followed by a mathematical
formulation of the joint transceiver design problems.
In Section III, our AO-based algorithm is conceived for
sequentially solving the constrained MSE minimization
problem, while the transmit power minimization problem is
addressed in Section IV. Simulation results and comparisons
to a range of potent benchmark schemes are presented
in Section V. Finally, conclusions are offered in Section VI.

Notation: Boldface lowercase and uppercase letters denote
vectors and matrices, respectively. E [·] stands for the statistical
expectation. The operators (·)T , (·)∗, (·)H and tr (·) denote
the matrix transpose, conjugate, Hermitian transpose and
trace, respectively. The Kronecker product of matrices is
denoted by ⊗. vec (·) represents the matrix vectorization
operator. ‖·‖ corresponds to the Euclidean norm of the vector.
A � 0 indicates that A is positive semi-definite. R (·) denotes
the real part of a complex-valued scalar. �·� represents the floor
function, which returns the largest integer that is smaller than
or equal to the argument. CN (m, C) denotes a multi-variate
complex circular Gaussian distribution with mean m and
covariance matrix C.

II. SYSTEM MODEL AND PROBLEM FORMULATION

A. System Model

We consider a three-node AF MIMO WPR network, con-
sisting of source-, relay- and destination- nodes, as illustrated
in Fig. 1. It is assumed that there is no direct link between the
source and the destination due to physical obstacles, which
is a valid assumption in many real-world communication
scenarios. Hence, an intermediate relay node is needed to
assist in the transmission of the source information to the
destination. The propagation channels between the source and
relay as well as between the relay and destination are assumed
to be frequency flat-fading. More specifically, the channel
coefficients remain constant over a block’s transmission time
duration and vary independently and identically from one
block to the other, with magnitude obeying the Rayleigh distri-
bution. In this work, we concentrate on the study of transceiver
optimization over a block fading channel environment. The
source, relay and destination nodes are equipped with Ns , Nr

and Nd antennas, respectively. Furthermore, a novel two-phase
protocol is adopted for this WPR network [17]. As illustrated
in Fig. 2, the information signal is transmitted from the source
to the relay in the first phase of duration T/2. In the second
phase, also of duration T/2, the relay operates in its FD
mode with simultaneous energy harvesting and information
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Fig. 1. MIMO WPR network with THP-based transceiver.

Fig. 2. The proposed two-phase protocol for MIMO WPR networks.

transmission. It receives energy signals from the source, while
simultaneously transmitting the information signals to the
destination at the same time. The information transmission
and EH aspects are further developed below.

1) Information Transmission: In the first phase, the source
transmits a signal vector s = [s1, . . . , sNd ]T , where the
entries are independent and identically distributed (i.i.d.)
random variables of an M-ary quadrature amplitude mod-
ulation (QAM) alphabet A. Specifically, we chose A ={
±1
√

3
2(M−1) ,±3

√
3

2(M−1) , . . . , ±
(√

M − 1
)√

3
2(M−1)

}
and

let E [s] = 0 and E
[
ssH

] = INd , where the real and imaginary
parts of sk all belong to the set A. Furthermore, to provide
sufficient degrees of freedom for signal recovery, the number
of the substreams Nd should satisfy Nd ≤ Ns . To generate
the THP signal, a modulo operator acts independently over
the real and imaginary parts of its input signal components.
This operation is formulated as

MODM (x) = x − 2
√

τ

⌊
x + √

τ

2
√

τ

⌋
= x + e, (1)

where τ =
√

3M
2(M−1) and e is the residual error, such that

MODM (x) is constrained to be within the interval [−τ, τ ].
The information signal x = [x1, . . . , xNd ]T intended for
the destination is recursively computed with the help of the
modulo operation in (1) as

xk = MODM

(
sk −

k−1∑
n=1

Ck,n xn

)

= sk −
k−1∑
n=1

Ck,n xn + ek, k = 1, 2, . . . , Nd , (2)

where C is a strictly lower triangular matrix with entries Ck,n ,
and ek is the residual error for the kth entry.

Upon introducing e = [
e1, . . . eNd

]T , we can rewrite (2) as

x = U−1v, (3)

where U = C + I is a lower triangular matrix with unity
diagonal entries and v = s + e is the effective signal vector.1

Note that for a high-order M-QAM constellation, x can
be assumed to have a covariance of E

[
xxH

] = INd [30].
Following THP, the resultant vector x is passed through a
linear precoding matrix Fs ∈ C

Ns ×Nd prior to its transmission.
In the first phase, the signal yr,1 received at the relay is

formulated as

yr,1 = HsrFsx + nsr,1, (4)

where Hsr ∈ C
Nr ×Ns denotes the flat-fading channel

matrix of the link between the source and the relay, while
nsr,1 is the additive white Gaussian noise (AWGN) vec-
tor at the relay, with a zero-mean and covariance matrix

of E
[
nsr,1nH

sr,1

]
= σ 2

nsr
INr .

During the second phase, the relay amplifies the received
signal by a linear AF matrix Fr ∈ C

Nr ×Nr and forwards it to
the destination. The signal vector received at the destination
is given by

yd = Hrd Fr yr,1 + nrd , (5)

where Hrd ∈ C
Nd ×Nr is the channel matrix of the link between

the relay and the destination, while nrd is the AWGN vector
at the destination, with a zero-mean and covariance matrix
of E

[
nrd nH

rd

] = σ 2
nrd

INd .
At the destination, a linear receiver represented by the

matrix W ∈ C
Nd ×Nd is employed for detecting the received

signal. Specifically, the output of the linear receiver is
expressed as

v̂ = WHrd Fr Hsr Fsx + WHrdFr nsr + Wnrd , (6)

while the final output is obtained as

ŝ = MODM
(
v̂
)
. (7)

In general, transceiver optimization relies on the availability
of accurate CSI. However, in practical systems, encountering
channel estimation errors is inevitable and these should be
taken into account in a robust design. Here, we consider the
popular statistical error model to handle the channel uncer-
tainties. This model has been well justified in the transceiver
design literature [23], [28], [29] and references therein; it is

1The proposed nonlinear scheme can be treated as a general processing
framework for precoding. Note that if the matrix U is an identity matrix, the
proposed nonlinear transceiver design can be reduced to the linear one.
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especially suitable when the CSI errors are dominated by the
channel estimation errors. Using the well-known Kronecker
model [22], the channel matrices are expressed as

Hsr = H̄sr + �Hsr , (8)

Hrd = H̄rd + �Hrd , (9)

where H̄sr and H̄rd are the estimated channel matrices,
while �Hsr and �Hrd are the corresponding channel esti-
mation error matrices. Specifically, �Hsr can be written

as �Hsr = �
1/2
sr H1�

T/2
sr , while �Hrd can be expressed

as �Hrd = �
1/2
rd H2�

T/2
rd , where the entries of H1 and H2 are

both i.i.d. with zero-mean and unit-variance circular complex
Gaussian distribution [31]. Hence, �Hsr and �Hrd exhibit
matrix-variate complex Gaussian distributions formulated as

�Hsr ∼ CN
(
0Nr ,Ns ,�sr ⊗ �sr

)
, (10)

�Hrd ∼ CN
(
0Nd ,Nr ,�rd ⊗ �rd

)
, (11)

where �sr and �sr denote the normalized covariance matri-
ces of the source-to-relay channel seen from the transmitter
and receiver, respectively, and so do �rd and �rd for the
relay-to-destination channel. The proposed optimization is
implemented at the source node. We assume that the system
works in the time division duplex (TDD) mode [32]. The
first-phase CSI (from the source to the relay) can be obtained at
the source by using channel estimation and channel reciprocity.
The second-phase CSI (from the relay to the destination) can
be obtained by following the same approach at the relay; they
can be conveyed to the source via control channels.

It is assumed that the magnitudes of the CSI errors are much
smaller than those of the channel estimates themselves, hence
both the third and higher order moments of the CSI errors
of �Hsr and �Hrd can be neglected [33]. The MSE at the
destination of the complete transceiver chain seen in Fig. 1
can be written as

MSE (W, Fs, Fr , U)

= E
[
‖Wyd − v‖2

]
= tr

(
WMWH

)

−tr
(

UFH
s H̄H

sr FH
r H̄H

rdWH
)

+ tr
(

UUH
)

−tr
(

WH̄rd Fr H̄sr FsUH
)

, (12)

where we have:

M = H̄rd Fr

(
H̄sr FsFH

s H̄H
sr + σ 2

nsr
I
)

FH
r H̄H

rd + σ 2
nrd

I

+ tr
(

Fr H̄sr FsFH
s H̄H

srFH
r �T

rd

)
�rd

+ tr
(

FsFH
s �T

sr

)
H̄rd Fr�sr FH

r H̄H
rd

+ σ 2
nsr

tr
(

Fr FH
r �T

rd

)
�rd . (13)

Note that the expectation here is taken over all the distributions
of �Hsr ,�Hrd , nsr , nrd .

2) Energy Harvesting: Concurrently with the information
transmission of the second phase, wireless energy is conveyed
from the source to the relay for EH. In fact, we only concen-
trate on the energy itself, rather than the format of the energy
signal. The transmit power of the energy signals at the source

can be expressed as E
[‖Fsxen‖2], where xen is the energy

signal after the nonlinear THP operation. Since the power
loss introduced by THP processing can be neglected [30],
the conclusion reached in above discussion on information
transmission still holds. Specifically, similar to (3), it can
be observed that the covariance matrix of xen can still be
approximated as E

[
xenxH

en

] = INd . By imposing a transmit
power constraint at the source, the transmit power should
satisfy: tr

(
FsxenxH

enFH
s

)= tr
(
FsFH

s

) ≤ Ps , where Ps is the
maximum transmit power available at the source.

For the proposed relaying protocol aided by SI-energy
recycling, the relay harvests the dedicated energy emanating
from the source, and additionally recycles a portion of the
energy used for information transmission via a SI-feedback
loop represented by He ∈ C

Nr ×Nr . Accordingly, the signal
received at the relay is given by

yr,2 = HsrFsxen + HeFr yr,1 + nsr,2

= HsrFsxen + HeFr Hsr Fsx + HeFr nsr,1 + nsr,2, (14)

where nsr,2 is an AWGN vector with zero-mean and covari-

ance matrix of E
[
nsr,2nH

sr,2

]
= σ 2

nsr
INr . Thus the total energy

harvested at the relay is expressed as

Er = T

2
η tr

(
E
[
yr,2yH

r,2

])
, (15)

where 0 < η < 1 denotes the EH efficiency at the relay.
In practice, the energy harvesting sub-system would have
additional control circuits which consume power; however,
this power consumption has been included in the conversion
efficiency η. To ensure that the energy used for transmission at
the relay does not exceed that being harvested, the constraint

tr
(

Fr E
[
yr,1yH

r,1

]
FH

r

)
T
/

2 ≤ Er must be satisfied. The EH
constraint at the relay can therefore be formulated as

tr
(

Fr E
[
yr,1yH

r,1

]
FH

r

)
≤ η tr

(
E
[
yr,2yH

r,2

])
. (16)

B. Problem Formulation

Given the MSE expression (12) and the EH constraint (16),
we can now formulate the proposed robust transceiver design
in mathematical term. Our general goal is to jointly design the
THP at the source, the linear AF matrix at the relay and the
linear receiver at the destination, in order to minimize well-
accepted performance metrics, such as the MSE and transmit
power. Furthermore, we focus our attention on a robust design
philosophy, where the statistical error model in (8)-(11) is
adopted for describing the CSI mismatch. In light of the above
system model equations, this goal translates into two different
design problem formulations, defined as follows:

• Minimizing the total MSE at the destination, subject to
a transmit power constraint at the source and the EH
constraint at the relay, expressed as:

min
W,Fs,Fr ,U

MSE (W, Fs , Fr , U) (17a)

s.t. tr
(

FsFH
s

)
≤ Ps , (17b)

tr
(

Fr E
[
yr,1yH

r,1

]
FH

r

)
≤ ηtr

(
E
[
yr,2yH

r,2

])
,

(17c)
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• Minimizing the transmit power at the source, subject
to the MSE constraint at the destination and the EH
constraint at the relay, expressed as:

min
W,Fs ,Fr ,U

tr
(

FsFH
s

)
(18a)

s.t. MSE (W, Fs , Fr , U) ≤ γ, (18b)

tr
(

Fr E
[
yr,1yH

r,1

]
FH

r

)
≤ η tr

(
E
[
yr,2yH

r,2

])
,

(18c)

where γ denotes a common MSE target.
Both problems (17) and (18) are non-convex with

multi-dimensional variables, making it quite challenging to
simultaneously find the optimal W, Fs , Fr and U. To over-
come this limitation and obtain tractable solutions, iterative
algorithms inspired by the AO principle are developed for each
one of the above problems in the following two sections.

III. ROBUST TRANSCEIVER DESIGN BASED

ON MSE MINIMIZATION

The MSE is a ubiquitous design criterion routinely used
for evaluating the transmission reliability of communication
systems. In this section, we address the robust transceiver
design problem (17), where our aim is to minimize the MSE,
while meeting both the transmit power and the EH constraints.
An AO-based algorithm is developed for optimizing A) the
source precoding matrix, B) the AF relaying matrix, C) the
receiver matrix and D) the feedback matrix in an iterative
manner by solving the resultant subproblems.

A. Optimization of the Receiver Matrix

Since W is not involved in any constraints, the optimal
linear receiver matrix W of the destination can be derived by
solving the unconstrained convex problem of (17a). Hence,
given Fr , Fs and U, the optimal Wiener filter is derived by
solving ∂

∂W∗ MSE (W, Fs , Fr , U) = 0, which results into

W = UFH
sr H̄H

sr FH
r H̄H

rdM−1. (19)

B. Optimization of the AF Relaying Matrix

We next solve the sub-problem for the AF relaying
matrix Fr , while keeping Fs , U and W fixed. Invoking the
following identities from [34],

tr
(

AT B
)

= (vec (A))T vec (B) , (20)

tr
(

AT BAC
)

= (vec (A))H
(

CT ⊗ B
)

vec (A) , (21)

vec (ABC) =
(

CT ⊗ A
)

vec (B) , (22)

the MSE in (12) can be represented as a function of fr
�=

vec (Fr) as follows,

MSE (Fr ) = f H
r Afr − dH fr − f H

r d + t1, (23)

where we have:

A =
((

H̄sr FsFH
s H̄H

sr

)T + tr
(

FsFH
s �T

sr

)
�T

sr + σ 2
nsr

I
)

⊗
(

H̄H
rdWH WH̄rd

)
+ tr

(
W�rd WH

)

×
((

H̄sr FsFH
s H̄H

sr

)T + σ 2
nsr

I
)

⊗ �T
rd , (24)

d = vec
(

H̄H
rd WH UFH

s H̄H
sr

)
, (25)

t1 = tr
(

UUH
)

+ σ 2
nrd

tr
(

WWH
)

, (26)

and t1 does not depend on fr .
Note that the relay’s EH constraint (17c) can be written as

tr
(

Fr E
[
yr,1yH

r,1

]
FH

r

)
− ηtr

(
HeFr E

[
yr,1yH

r,1

]
FH

r HH
e

)

≤ ηtr
(

Hsr FsFH
s HH

sr + σ 2
nsr

I
)
. (27)

Using the identities in (20)-(22), we have

tr
(

Fr E
[
yr,1yH

r,1

]
FH

r

)
= f H

r D1fr , (28)

η tr
(

HeFr E
[
yr,1yH

r,1

]
FH

r HH
e

)
= f H

r D2fr , (29)

where

D1 =
((

H̄sr FsFH
s H̄H

sr

)T + σ 2
nsr

I

+ tr
(

FsFH
s �T

sr

)
�T

sr

)
⊗ I, (30)

D2 =
((

H̄sr FsFH
s H̄H

sr

)T + σ 2
nsr

I

+ tr
(

FsFH
s �T

sr

)
�T

sr

)
⊗
(
ηHH

e He

)
. (31)

Thus (27) can be equivalently rewritten as

f H
r D̃fr ≤ P̄r , (32)

where

D̃ = D1 − D2 =
((

H̄srFsFH
s H̄H

sr

)T + σ 2
nsr

I

+ tr
(

FsFH
s �T

sr

)
�T

sr

)
⊗
(

I − ηHH
e He

)
, (33)

P̄r = ηtr
(

H̄sr FsFH
s H̄H

sr + σ 2
nsr

I
)

+ ηtr
(

FsFH
s �T

sr

)
tr (�sr ) .

(34)

Since (I − ηHH
e He) � 0 holds in practice,2 we can verify

that D̃ � 0.
From (23) and (32), the AF relaying matrix optimization

problem can be formulated as

min
fr

(
f H
r Afr − dH fr − f H

r d + t1
)

(35a)

s.t. f H
r D̃fr ≤ P̄r . (35b)

The above is a quadratically constrained quadratic pro-
gram (QCQP) [36], which can be equivalently transformed

2In this contribution, He represents the normalized SI loop channel matrix,
which under the assumption of low SI power, introduces high attenuation.
Since the source node can acquire accurate estimates of He, the energy
efficiency η (0 < η < 1) can be appropriately set to satisfy the requirement of
positive semi-definiteness. The value of η should be less than max (1, 1/γmax),
where γmax denotes max eigenvalue of HH

e He .
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into standard second-order cone program (SOCP) [37] as
follows,

min
p1,λ1,fr

p1 (36a)

s.t.
∥∥∥A1/2fr − A−1/2d

∥∥∥ ≤ λ1, (36b)
∥∥∥∥
[

2λ1

p1 + dH A−1d − t1 − 1

]∥∥∥∥
≤ p1 + dH A−1d − t1 + 1, (36c)∥∥∥D̃1/2fr

∥∥∥ ≤
√

P̄r , (36d)

where p1 and λ1 are slack variables. Note that for the SOCP
itself, the objective function (OF) is linear and its constraints
are linear or second-order cones. Hence, the problem can be
efficiently solved by using the convex programming toolbox
CVX [38].

C. Optimization of the Source Precoding Matrix

Given U, W and Fr , we now focus our attention on the
optimization problem (17) with respect to the source precoding
matrix Fs . Introducing H̃ = WH̄rd Fr H̄sr , the MSE in (12) can
be rewritten as a function of Fs as follows,

MSE(Fs)= tr
(
H̃FsFH

s H̃H
)
−tr

(
H̃FsUH

)
−tr

(
UFH

s H̃H
)
+t2,

(37)

where

t2 = σ 2
nsr

tr
((

WH̄rd Fr
) (

WH̄rd Fr
)H
)

+ σ 2
nsr

tr
(

Fr FH
r �T

rd

)
tr
(

W�rd WH
)

+ tr
(

UUH
)

+ σ 2
nrd

tr
(

WWH
)

, (38)

and t2 does not depend on Fs . Using the identities in (20)-(22),

the MSE in (37) can be expressed as a function of fs
�=

vec (Fs) as follows,

MSE (Fs) = f H
s Gfs − QH fs − f H

s Q + t2, (39)

where we have:

G = I ⊗
(

H̃H H̃ + tr
(

W�rd WH
)

H̄H
sr FH

r �T
rdFsH̄sr

+tr
(

WH̄rdFr�sr FH
r H̄H

rd WH
)

�T
sr

)
, (40)

Q = vec(H̃HU). (41)

Now considering the EH constraint (17c), we first note that

tr
(

Fr HsrFsFH
s HH

sr FH
r

)
= f H

s E1fs, (42)

η tr
(

HeFr Hsr FsFH
s HH

sr FH
r HH

e

)
= f H

s E2fs , (43)

η tr
(

Hsr FsFH
s HH

sr

)
= f H

s E3fs, (44)

where

E1 = I ⊗
(

H̄H
sr FH

r Fr H̄sr + tr
(

FH
r Fr�sr

)
�T

sr

)
, (45)

E2 = ηI ⊗
(

H̄H
sr FH

r HH
e HeFr H̄sr+tr

(
FH

r HH
e HeFr�sr

)
�T

sr

)
,

(46)

E3 = η I ⊗
(

H̄H
sr H̄sr + tr (�sr ) �T

sr

)
. (47)

With the help of (42)-(44), the EH constraint can be recast as

f H
s E1fs − h (fs) ≤ 0, (48)

where

h (fs) = f H
s (E2 + E3) fs + t3, (49)

t3 = ησ 2
nsr

tr
(
HeFr FH

r HH
e

)
+ηtr

(
σ 2

nsr
I
)
−σ 2

nsr
tr
(
Fr FH

r

)
.

(50)

We note that f H
s E1fs and h (fs) in (48) are both convex

functions of fs , which means that the EH constraint in (48)
represents the difference of two convex functions [39]. Thus,
the problem in (17) can be transformed into the following
DC program [19]

min
fs

f H
s Gfs − QH fs − f H

s Q + t2, (51a)

s.t. f H
s fs ≤ Ps , (51b)

f H
s E1fs − h (fs) ≤ 0. (51c)

In the following, we propose to employ the CCCP-based
iterative algorithm of [18] for solving the DC program (51).
The first-order Taylor expansion of h (fs) around the current
point f (i)

s in the i th iteration is computed as [40]

ĥ
(

f (i)
s , fs

)
= h

(
f (i)
s

)
+ 2R

{
∇h
(

f (i)
s

)H (
fs − f (i)

s

)}

= 2R
{(

f (i)
s

)H
(E2 + E3) fs

}

−
(

f (i)
s

)H
(E2 + E3) f (i)

s + t3, (52)

where ∇h(f (i)
s ) denotes the conjugate derivative of the func-

tion h (fs) with respect to the complex vector fs , evaluated
at f (i)

s .
Then, in the (i +1)st iteration of the proposed CCCP-based

iterative algorithm, we solve the following convex optimiza-
tion problem:

min
fs

(
f H
s Gfs − QH fs − f H

s Q + t2
)

, (53a)

s.t. f H
s fs ≤ Ps, (53b)

f H
s E1fs − ĥ

(
f (i)
s , fs

)
≤ 0. (53c)

As shown in Appendix A, problem (53) can be reformulated
as the following SOCP which can be solved by standard
techniques,

min
p2,λ2,fs

p2, (54a)

s.t.
∥∥∥G1/2fs − G−1/2Q

∥∥∥ ≤ λ2, (54b)
∥∥∥∥
[

2λ2

p2 + QH G−1Q − t2 − 1

]∥∥∥∥
≤ p2 + QH G−1Q − t2 + 1, (54c)

‖fs‖ ≤ √
Ps , (54d)∥∥∥∥

[
2E1/2

1 fs

−R
{
gH fs

}− b − 1

]∥∥∥∥ ≤ −R
{

gH fs

}
− b + 1.

(54e)
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TABLE I

THE CCCP-BASED ITERATIVE ALGORITHM TO SOLVE (51)

The CCCP-based iterative algorithm proposed for solving
the DC program of (51) is summarized in Table I, where
Na

max denotes the maximum number of iterations.

D. Optimization of Feedback Based THP Matrix

Finally, with fixed W, Fr and Fs , we seek the specific THP
feedback matrix U, which minimizes

MSE (U) = tr
(

UUH
)

− tr
(

UFH
s H̄H

sr FH
r H̄H

rd WH
)

− tr
(

WH̄rdFr H̄srFsUH
)

+ t4, (55)

where t4 = tr
(
WMWH

)
does not depend on U.

Note that U must be a lower trigular matrix with unity
diagonal elements. This additional constraint can be expressed
as

Si (U − I) ei = 0, i = 1, 2, . . . , Nd , (56)

where Si = [
Ii×i , 0i×(Nd −i)

]
is the selection matrix, which

extracts the first i elements of a Nd -dimensional vector,
while ei corresponds to the i th column of INd . By using
the Lagrangian multiplier method, the optimal THP feedback
matrix U is derived as

U = WH̄rdFr H̄srFs

−
Nd∑

i=1

ST
i

(
Si ST

i

)−1
Si
(
WH̄rdFr H̄srFs − I

)
ei eT

i . (57)

The detailed derivation is provided in Appendix B.

E. The Complete AO-Based Algorithm

To sum up, the original non-convex problem (17) is
first decoupled into four subproblems, where each of them
only involves one subset of the variables, while the others
are fixed. Subsequently, the proposed AO-based nonlinear
transceiver design relies on sequentially updating the four
matrices Fr , Fs , U and W in a cyclic, alternating manner.
Specifically, given the THP feedback matrix U, the source
precoding matrix Fs and the AF relaying matrix Fr , we derive
the optimum linear receiver W in a closed-form. Given U, Fs

and W, Fr can be found by convex optimization. Given U, Fr

and W, we transform the non-convex design subproblem of Fs

into a DC program and propose an iterative scheme based
on the CCCP to solve the problem. Finally, by fixing the
other three matrix variables, U is derived with the aid of
the classic Lagrangian multiplier method. The internal SOCP
optimizations needed to implement this AO algorithm are
performed by applying the readily available CVX software

TABLE II

PROPOSED ROBUST AO ALGORITHM

package. This process is terminated when the desired accuracy
is attained or the affordable number of iterations is reached.
The complete procedure is summarized in Table II, where
Nb

max is the maximum number of iterations and ε denotes the
accuracy to be achieved before terminating the algorithm.

F. Convergence Analysis and Computational Complexity

1) Convergence Analysis: Let us now focus our attention on
the global convergence of the proposed AO-based algorithm.
As shown in Table II, we update Fr , Fs , U as well as W
sequentially and iteratively. Note that (19) and (57) represent
closed-form solutions, while the optimization subproblem (35)
is convex and can be formulated as an SOCP problem. As a
result, we can readily show that the solutions to these three
subproblems are optimal. For the non-convex subproblem (51),
the proposed CCCP-based algorithm iteratively approximates
the original non-convex feasible set around the current point
by a convex set and then solves the resultant convex problem in
each iteration. We next introduce the following lemma, which
will be used in our analysis:

Lemma 1: The iterations of the CCCP-based algorithm
in Table I produce a non-increasing sequence of OF values.

Proof: Please refer to Appendix C.
The importance of the above lemma lies in the fact that,

although we are unable to find the optimal solution to the
subproblem (51), the monotonicity of the CCCP-based algo-
rithm with respect to Fs can always be guaranteed. Hence,
iteratively updating Fr , Fs , U and W as proposed may either
decrease or maintain the OF value of problem (17), but cannot
increase it. Hence, we arrive at a monotonically non-increasing
sequence of OF values, as the number of iterations j increases.
Specifically, we have

MSE
(

F( j+1)
r , F( j+1)

s , U( j+1), W( j+1)
)

≤ MSE
(

F( j+1)
r , F( j+1)

s , U( j+1), W( j )
)

≤ MSE
(

F( j+1)
r , F( j+1)

s , U( j ), W( j )
)

≤ MSE
(

F( j+1)
r , F( j )

s , U( j ), W( j )
)

≤ MSE
(

F( j )
r , F( j )

s , U( j ), W( j )
)

. (58)
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Moreover, the sequence of values of the problem (17) is
lower-bounded by zero, since the MSE is positive. We can
therefore conclude that the proposed AO-based algorithm is
always convergent. It is observed that the proposed AO-based
algorithm converges to a local optimum of the original prob-
lems. The proof is similar to that of [42, Th. 2], and we
therefore omit the details.

2) Computational Complexity: Let us now analyze the
computational complexity of the proposed algorithm. Here,
we apply the basic concepts of complexity analysis as used
in [43]. The complexity of the proposed algorithm is dom-
inated by solving the problem (36) Nb

max times and solv-
ing problem (54) Na

max Nb
max times. Problem (36) involves

3 SOC constraints, including 2 SOCs of dimension
(
N2

r + 1
)

and 1 SOC of dimension 3. The number of variables is on
the order of m1 = O

(
N2

r

)
. Thus, the complexity of the

SOCP problem can be expressed as Nb
max O

[
m1
(
N4

r + m2
1

)]
.

Similarly, problem (54) involves 4 SOC constraints, includ-
ing 2 SOCs of dimension

(
N2

s + 1
)
, 1 SOC of dimension(

N2
s + 2

)
and 1 SOC of dimension 3. The number of vari-

ables is on the order of m2 = O
(
N2

s

)
. The complexity of

the CCCP-based algorithm invoked for solving problem (54)
is given by Na

max Nb
max O

[
m2
(
N4

s + m2
2

)]
. Thus, the overall

complexity of the proposed algorithm can be written as

Nb
max O

[
m1

(
N4

r + m2
1

)]
+ Na

max Nb
max O

[
m2

(
N4

s + m2
2

)]
.

(59)

Due to the complex nature of the underlying optimization
problem and the use of sophisticated computational tools for
its solution (i.e., CVX), indeed the proposed algorithm is not
deemed to impose a low complexity. However, we would
like to emphasize that the complexity of our algorithm is
manageable using existing computing technology (see also
Section V). While we focus on the formulation and theoretical
aspect of the optimization in this manuscript, the search of
low-complexity transceiver design algorithm remains an open
avenue for our future work.

IV. ROBUST TRANSCEIVER DESIGN BASED ON

TRANSMIT POWER MINIMIZATION

In this section, we focus on the robust transceiver design
problem (18), where the aim to minimize the transmit power
at the source under the MSE and EH constraints. This power
minimization problem serves as a complement to the MSE
minimization problem.

A. Joint Transceiver Optimization

For fixed Fr , Fs and U, we first optimize the receiver
matrix W. Since W is not included in the objective function
of problem (18) and only involved in the MSE constraint, we
seek to minimize the MSE for ensuring that the constraint is
satisfied with some slack assuming a feasible starting point.
Hence, we can tolerate an increase in MSE for accommodating
change in other matrix variables, when we move on to the next
parameter Fr . We can obtain the same solution as the Wiener
filter in (19).

We then optimize the AF relaying matrix Fr by fixing Fs , U
and W. Similar to the derivation in (23), the MSE constraint
of (18b) can also be represented as a function of fr as follows

f H
r Afr − dH fr − f H

r d + t1 ≤ γ. (60)

The EH constraint in (18c) has the same expression as in (32).
Note that the OF of the problem (18) does not include fr .
Hence, directly solving problem (18) with respect to fr is not
applicable. Instead, here we aim for achieving a non-increasing
transmit power at the source in the next iteration. Hence, we
can reformulate the following optimization problem

min
p1,fr

p1, (61a)

s.t.
f H
r Afr − dH fr − f H

r d + t1
γ

≤ p1, (61b)

f H
r D̃fr

P̄r
≤ p1, (61c)

where p1 is a slack variable. We can observe that once problem
(61) is solved, p1 must be less than 1. This implies that the
feasible region of problem (18) with respect to Fs , U and W
in the next iteration would become larger, which often results
in a reduced transmit power.

Given U, W and Fr , we address the optimization prob-
lem (18) with respect to the source precoding matrix Fs .
Similarly, the optimization problem can be expressed as

min
p2,fs

p2, (62a)

s.t. f H
s Gfs − QH fs − f H

s Q + t2 ≤ γ, (62b)

f H
s fs ≤ p2, (62c)

f H
s E1fs − h (fs) ≤ 0, (62d)

where p2 is a slack variable. Note that the EH constraint
in (62d) is a DC program. To solve this problem, we employ
a CCCP-based iterative algorithm similar to that discussed
in the Subsection III-C. We approximate the convex func-
tion h (fs) in the i th iteration by its first-order Taylor expansion
denoted as ĥ(f (i)

s , fs). Then, in the (i + 1)st iteration of
the proposed CCCP-based algorithm, we have the following
convex optimization problem

min
p2,fs

p2, (63a)

s.t. f H
s Gfs − QH fs − f H

s Q + t2 ≤ γ, (63b)

f H
s fs ≤ p2, (63c)

f H
s E1fs − ĥ

(
f (i)
s , fs

)
≤ 0. (63d)

Similar to Subsection III-C, the problem (63) can be converted
into a standard SOCP. The details of the transformation are
omitted here for space-economy.

Given fixed W, Fr and Fs , the THP feedback matrix U can
be obtained by using a similar approach to that of (57).

B. Initial Feasibility Search Algorithm

If problem (18) is initialized with an infeasible point, the
algorithm may fail at the first iteration. However, the task
of finding a feasible point of a non-convex optimization
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TABLE III

INITIAL FEASIBILITY SEARCH ALGORITHM

problem is non-deterministic polynomial hard (NP-hard) [44]
in general. Thus, the study of an efficient initial feasibility
search algorithm is of substantial importance.

Inspired by the algorithm in [44] and the phase I approach
of [36], we formulate the feasibility problem as the following
convex program

min
W,Fs ,Fr ,U

τ (64a)

s.t. MSE (W, Fs , Fr , U) ≤ τ, (64b)

tr
(

Fr E
[
yr,1yH

r,1

]
FH

r

)
≤ η tr

(
E
[
yr,2yH

r,2

])
, (64c)

where τ is a slack parameter, which can be regarded as an
abstract measure for the violation of the constraint (18b).
Instead of minimizing the transmit power at the source as
in problem (18), we minimize the OF value τ . The algorithm
continues until convergence is achieved or until the maximum
number of iterations is reached. If τ (n+1) achieves the MSE
target γ in the (n + 1)st iteration, the procedure finds a
feasible initial point. If no feasible point can be found using
the procedure, we have to adjust γ to an appropriate value.

Note that (64) can be reformulated as

min
W,Fs,Fr ,U

MSE (W, Fs, Fr , U) (65a)

s.t. tr
(

FsFH
s

)
≤ P∞

s , (65b)

tr
(

Fr E
[
yr,1yH

r,1

]
FH

r

)
≤ ηtr

(
E
[
yr,2yH

r,2

])
, (65c)

where P∞
s → ∞, which is equivalent to removing the transmit

power constraint at the source. Using the connection between
the two problems, we summarize the proposed feasibility
search algorithm in Table III.

C. Convergence Analysis and Computational Complexity

Note that the solution of subproblem (61) would enlarge
the feasible region of the problem. Consequently the trans-
mit power is reduced for problem (18) with respect to Fs

in the next iteration. Similar to the previous analysis
in Subsection III-F, by iteratively updating Fr , Fs , U
and W, the proposed procedure produces a monotonically
non-increasing sequence of transmit power values. Thus, the
monotonic convergence of the proposed algorithm is ensured.

Proceeding as in Subsection III-F, the overall complexity
of the resultant AO-based algorithm for the constrained power
minimization problem can be expressed as

Nb
max O

[
m1

(
N4

r + m2
1

)]
+ Na

max Nb
max O

[
m2

(
N4

s + m2
2

)]
,

(66)

but the details are omitted owing to lack of space.

V. SIMULATION RESULTS

In this section, we present simulation results for validating
the performance of the proposed nonlinear transceiver designs.
We consider the AF MIMO WPR network illustrated in Fig. 1
in conjunction with Ns = Nr = Nd = 4. For each simu-
lation run, the true and estimated source-to-relay and relay-
to-destination channels have Rayleigh flat-fading distributions
obtained according to the model equations of Section II-A.
Specifically, by using the exponential model [45], the covari-
ance matrices of the channel estimation error matrices �Hsr

and �Hrd in (10)-(11) can be expressed as

�sr = �rd =

⎡
⎢⎢⎣

1 α α2 α3

α 1 α α2

α2 α 1 α

α3 α2 α 1

⎤
⎥⎥⎦

�sr = �rd = σ 2
e

⎡
⎢⎢⎣

1 β β2 β3

β 1 β β2

β2 β 1 β

β3 β2 β 1

⎤
⎥⎥⎦, (67)

where α and β denote correlation coefficients, and σ 2
e is

the estimation error variance. The estimated channel matri-
ces, H̄sr and H̄rd , are generated according to the following
distributions,

H̄sr ∼ CN

(
0Nr ,Ns ,

(
1 − σ 2

e

)

σ 2
e

�sr ⊗ �sr

)
(68)

H̄rd ∼ CN

(
0Nd ,Nr ,

(
1 − σ 2

e

)

σ 2
e

�rd ⊗ �rd

)
. (69)

It follows from (8) and (9) that the source-to-relay and
relay-to-destination channels obey complex Gaussian distri-
butions. In the special case of α = β = 0, the entries of
these matrices have unit variance. It is also assumed that
the relay’s SI loop channel matrix He in Fig. 1 has i.i.d.
complex Gaussian entries with zero-mean. In the simulations,
we consider data transmission with 16-QAM modulation. The
signal-to-noise ratio (SNR) for the source-to-relay channel is
defined as SNRsr = Ps

/∣∣Nr σ
2
nsr

∣∣. The maximum transmit
power of the source is set to be Ps = 30 dBm (or 1 W).
The EH efficiency at the relay is assumed to be η = 0.4.
Regarding the stopping criteria in Tables II and III, here
we set ε = 10−4 and Nb

max = 20. All the results are
averaged over 103 independent channel realizations. Based
on the algorithms proposed in this paper, we consider the
following benchmark approaches for comparison:

• Nonlinear Design: The proposed nonlinear transceiver
design consisting of a THP at the source along with an
AF relaying matrix and a linear MMSE receiver at the
destination.

• Linear Design: The corresponding linear transceiver
designs with THP replaced by a linear precoder at the
source.

• Perfect Design: The proposed transceiver designs under
the idealized simplifying assumption of having perfect
CSI.
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Fig. 3. Convergence behavior of the proposed robust transceiver design based
on MSE minimization for different SNRsr .

• Robust Design: The proposed transceiver designs, which
take the CSI estimation errors into consideration.

• Non-robust Design: Simplified versions of the proposed
transceiver designs based on estimated CSI only (that is,
knowledge of CSI errors is not used).

A. Results for the MSE Minimization
Problem of Section III

In this subsection, we evaluate the performance of the
proposed robust nonlinear transceiver design algorithm for
MIMO FD-WPR networks, as conceived for the constrained
MSE minimization problem of Section III. First, to illustrate
the convergence behavior of the proposed robust nonlinear
design algorithm, the MSE value of Eq. (12) as a function
of the iteration index is shown in Fig. 3 for SNRsr values
of 5, 15 and 25 dB. Here we set α = β = 0 and σ 2

e = 0.005.
It can be observed in Fig. 3 that the proposed algorithm
converges within a reasonable number of iterations for all the
SNRsr values considered. Moreover, the convergence rate is
faster for lower SNRsr values.

The BER performance of the proposed transceiver design
(after convergence of the iterative algorithm) versus SNRsr is
shown in Fig. 4. For the case of α = β = 0 and σ 2

e = 0.001,
we observe that the BER performance of the nonlinear trans-
ceiver design is always superior to that of the linear one.
The proposed nonlinear transceiver design with perfect CSI
can lead to a 5 dB SNR gain compared with the corre-
sponding linear design at a BER level of 10−2. Naturally, the
proposed algorithm with perfect CSI achieves the best BER
performance. However, the performance of the proposed robust
design, which explicitly take channel errors into consideration,
is much better than that of the non-robust design based
on estimated channels only. This shows the ability of our
proposed design algorithm to take proactive advantage of the
CSI errors.

Next, we compare the MSE performance for the proposed
nonlinear transceiver design under a correlated channel sce-
nario associated with α = β = 0.5. As shown in Fig. 5,

Fig. 4. BER performance comparison of the proposed transceiver designs
versus SNRsr .

Fig. 5. MSE performance comparison of the proposed transceiver designs
versus SNRsr .

smaller estimation errors lead to a better MSE performance
for both the robust and non-robust designs. The performance
of the proposed robust algorithm is always better than that of
the non-robust one. On the other hand, the performance of
the non-robust algorithm degrades in the high-SNR region.
Furthermore, the performance gap between the proposed
robust design and non-robust one becomes larger, as the CSI
estimation error σ 2

e increases.
We further study the effects of channel correlation on the

MSE performance of the proposed nonlinear transceiver design
in Fig. 6. Here we let β = 0.45 and SNRsr = 10 dB,
whilst varying α. It can be seen that smaller correlation
coefficients lead to a better performance. When the value
of α increases, the performance of both the robust and
non-robust algorithms is degraded. Naturally, the performance
of the proposed robust algorithm is always superior to that
of the non-robust one. Furthermore, the performance gain of
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Fig. 6. MSE performance comparison of the proposed transceiver designs
versus channel correlation factor α.

Fig. 7. Convergence behavior of the proposed transceiver design with
different MSE targets γ.

the proposed robust design over the non-robust one becomes
smaller, as α increases. This is reasonable, because a higher
channel correlation leads to a reduced spatial multiplexing
gain.

B. Results for the Transmit Power Minimization
Problem of Section IV

Here, we illustrate the performance of the proposed non-
linear transceiver design for the transmit power minimization
problem of Section IV. In Fig. 7, we present the transmit power
versus the number of iterations when the MSE target γ is set
to 0.4, 0.7 and 1, while α = β = 0 and σ 2

e = 0.005. As shown,
the proposed robust nonlinear algorithm is capable of converg-
ing within about 25 iterations for different MSE requirements.
Moreover, the convergence rate is faster for higher MSE
target values. When the MSE requirement becomes stricter,
a higher transmit power is required for meeting the transmis-
sion reliability requirement.

Fig. 8 shows the transmit power at the source versus the
MSE target γ . Here, we set α = β = 0.5, whilst the value

Fig. 8. Minimum transmit power of proposed transceiver design versus MSE
target γ.

Fig. 9. Comparison of feasibility rate versus MSE target γ for the different
algorithms.

of γ is varied. It can be seen that the minimum transmit power
required for both the nonlinear and linear algorithms decreases
upon increasing γ . Meanwhile, the perfect schemes require a
lower transmit power compared to the robust designs for the
same γ . This is because the source has to allocate extra power
for counteracting the effects of channel uncertainties in order
to satisfy the MSE requirement. Furthermore, when compared
to the corresponding linear scheme, the proposed nonlinear
design requires a reduced transmit power, as expected.

Finally, we present the feasibility rate comparison versus
the MSE target γ in Fig. 9, where we set α = β = 0.5 for
the robust transceiver design. In the simulations, a transceiver
design algorithm is considered infeasible for a given MSE
target if CVX reports an infeasible status, which indicate that
the underlying constraints cannot be satisfied. The feasibility
rate is formally as the probability of feasibility, but estimated
as a ratio based on the given number of simulation runs. It is
observed that the feasibility rate of the linear algorithm is infe-
rior to that of the nonlinear algorithm. The transceiver design
relying on the idealized simplifying assumption of perfect CSI
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achieves the highest feasibility rate. The non-robust algorithms
fail to satisfy both the MSE and EH constraints most of the
time.

VI. CONCLUSIONS

In this paper, we have conceived a robust nonlinear
transceiver design for MIMO FD-WPR networks based on
a novel SI-energy recycling relaying protocol. Two robust
criteria have been considered for the nonlinear transceiver
design, namely, MSE minimization under transmit power and
EH constraints, and transmit power minimization under MSE
and EH constraints. Since the optimization problems associ-
ated with both design criteria are non-convex, we proposed
AO-based algorithms for successively optimizing the trans-
ceiver coefficients corresponding to the source THP matrix,
the AF relaying matrix, the receiver matrix and the feedback
matrix. Each subproblem can be solved by employing the
SOCP method, the CCCP-based algorithm, the Lagrangian
multiplier method or closed-form solutions. Our simulation
results have demonstrated the improved robustness of the pro-
posed nonlinear transceiver designs against CSI uncertainties.

APPENDIX A
TRANSFORMATION OF (53) INTO A STANDARD SOCP

We will show that problem (53) can be further transformed
into a standard SOCP. By introducing

g = −2Ẽ f
(i)
s , (70)

b =
(

f (i)
s

)H
Ẽ f

(i)
s + σ 2

nsr
tr
(

Fr FH
r

)

− ησ 2
nsr

tr
(

HeFr FH
r HH

e

)
− ηtr

(
σ 2

nsr
I
)

, (71)

(53c) can be rewritten as

f H
s E1fs + R

{
gH fs

}
+ b ≤ 0, (72)

which can be converted into a second-order cone (SOC)
constraint [44]∥∥∥∥

[
2E1/2

1 fs

−R
{
gH fs

}− b − 1

]∥∥∥∥ ≤ −R
{

gH fs

}
− b + 1. (73)

Similarly, we can convert (53a) into an SOC constraint.
By introducing the slack variables p2 and λ2, (53a) becomes
equivalent to

min
p2,λ2,fs

p2, (74a)

s.t.
∥∥∥G1/2fs − G−1/2Q

∥∥∥ ≤ λ2, (74b)

λ2 − QH G−1Q + t2 ≤ p2. (74c)

To tackle (74c), we use the following identity,

x2 ≤ yz⇔
∥∥∥∥∥

[
2x

y − z

]∥∥∥∥∥ ≤ y + z, (75)

where y ≥ 0, z ≥ 0. Thus, we can apply (75) to trans-
form (74c) into∥∥∥∥
[

2λ2

p2 + QH G−1Q − t2 − 1

]∥∥∥∥ ≤ p2 + QH G−1Q − t2 + 1.

(76)

Substituting (74c) with (76), we can observe that (53a) is now
in the form of a standard SOCP.

APPENDIX B
DERIVATION OF FEEDBACK MATRIX U

First, by ignoring the transmit power and EH constraints,
the Lagrangian function is established as

L (U) = E
[
‖Wyd − v‖2

]
+

Nd∑
i=1

μi Si (U − I) ei

= tr
(

WMWH
)

− tr
(

UFH
s H̄H

sr FH
r H̄H

rd WH
)

+tr
(

UUH
)

− tr
(

WH̄rd Fr H̄sr FsUH
)

+
Nd∑

i=1

μi Si (U − I) ei , (77)

where μi is a Lagrange multiplier. By solving ∂L (U)
/
∂U∗ =

0, we can obtain

U = WH̄rdFr H̄srFs −
Nd∑

i=1

μi ST
i eT

i . (78)

Substituting U into the strict lower triangular constraint (55),
we have

μi =
(

Si ST
i

)−1
Si
(
WH̄rd Fr H̄sr Fs − I

)
ei . (79)

Finally, substituting (79) into (78), we obtain the feedback
matrix shown in (57).

APPENDIX C
THE PROOF OF LEMMA 1

To proceed, we first denote problem (53) by P(f (i)
s ), and

let S(f (i)
s ) and C≤(f (i)

s ) denote the solution set and con-
straint set of problem P(f (i)

s ), respectively. Let us now define

R (fs)
�= f H

s E1fs −h (fs) and R̄(fs, f (i)
s )

�= f H
s E1fs − h̄(fs, f (i)

s ),
where we have h (fs) = f H

s (E2 + E3) fs + t3, and h̄(fs, f (i)
s ) =

(f (i)
s )H (E2 + E3) f (i)

s + t3 + (f (i)
s )H (E2 + E3) (fs − f (i)

s ) +
(fs − f (i)

s )H (E2 + E3) f (i)
s . It follows that R̄ (fs, fs) = R (fs).

We then complete the proof in two steps.
In the first step, we show that each f (i)

s , i = 1, 2, . . . is

feasible to problem (51). It suffices to show that f (i+1)
s is a

feasible solution of problem (51), provided that f (i)
s is feasible.

Assuming that f (i)
s is feasible to problem (51), we have

R̄(f (i)
s , f (i)

s ) = R(f (i)
s ) ≥ 0. It follows that there must exist an

f (i+1)
s that is feasible to problem P(f (i)

s ), implying that f (i+1)
s

is such that R̄(f (i+1)
s , f (i)

s ) ≥ 0. Furthermore, since h (fs) is a
convex function in fs , we have h (fs) ≥ h̄(fs , f (i)

s ) for any fs

and f (i)
s . It follows that

R
(

f (i+1)
s

)
≤ R̄

(
f (i+1)
s , f (i)

s

)
≤ 0. (80)

This implies that f (i+1)
s is feasible to problem (51). This

completes the first step.
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In the second step, we show that the OF value
sequence {P(f (i)

s )} monotonically decreases as the iteration
index i increases. According to the first step, f (i)

s is a feasi-
ble solution to P(f (i)

s ). Moreover, in the (i + 1)st iteration,
f (i+1)
s is the optimal solution of P(f (i)

s ). Thus, we have
P(f (i+1)

s ) ≤ P(f (i)
s ), which implies the monotonic conver-

gence of {P(f (i)
s )}, since P (fs) is lower-bounded. This com-

pletes the proof.

ACKNOWLEDGEMENT

The authors would like to thank the editor and the anony-
mous reviewers for their insightful comments and suggestions
that helped to improve the quality of the paper.

REFERENCES

[1] X. Lu, P. Wang, D. Niyato, D. I. Kim, and Z. Han, “Wireless networks
with RF energy harvesting: A contemporary survey,” IEEE Commun.
Surveys Tuts., vol. 17, no. 2, pp. 757–789, 2nd Quart., 2015.

[2] H. J. Visser and R. J. M. Vullers, “RF energy harvesting and transport
for wireless sensor network applications: Principles and requirements,”
Proc. IEEE, vol. 101, no. 6, pp. 1410–1423, Jun. 2013.

[3] X. Zhang, H. Jiang, L. Zhang, C. Zhang, Z. Wang, and X. Chen,
“An energy-efficient ASIC for wireless body sensor networks in med-
ical applications,” IEEE Trans. Biomed. Circuits Syst., vol. 4, no. 1,
pp. 11–18, Feb. 2010.

[4] X. Lu, D. Niyato, P. Wang, D. I. Kim, and Z. Han, “Wireless charger
networking for mobile devices: Fundamentals, standards, and applica-
tions,” IEEE Wireless Commun., vol. 22, no. 2, pp. 126–135, Apr. 2015.

[5] D. W. K. Ng, E. S. Lo, and R. Schober, “Wireless information and power
transfer: Energy efficiency optimization in OFDMA systems,” IEEE
Trans. Wireless Commun., vol. 12, no. 12, pp. 6352–6370, Dec. 2013.

[6] K. Huang and V. K. N. Lau, “Enabling wireless power transfer in
cellular networks: Architecture, modeling and deployment,” IEEE Trans.
Wireless Commun., vol. 13, no. 2, pp. 902–912, Feb. 2014.

[7] H. Ju and R. Zhang, “Throughput maximization in wireless powered
communication networks,” IEEE Trans. Wireless Commun., vol. 13,
no. 1, pp. 418–428, Jan. 2014.

[8] L. Liu, R. Zhang, and K.-C. Chua, “Multi-antenna wireless powered
communication with energy beamforming,” IEEE Trans. Commun.,
vol. 62, no. 12, pp. 4349–4361, Dec. 2014.

[9] S. Bi, C. K. Ho, and R. Zhang, “Wireless powered communication:
Opportunities and challenges,” IEEE Commun. Mag., vol. 53, no. 4,
pp. 117–125, Apr. 2015.

[10] Q. Liu et al., “Charging unplugged: Will distributed laser charging
for mobile wireless power transfer work?” IEEE Trans. Veh. Technol.,
vol. 11, no. 4, pp. 36–45, Dec. 2016.

[11] J. N. Laneman, D. N. C. Tse, and G. W. Wornell, “Cooperative diversity
in wireless networks: Efficient protocols and outage behavior,” IEEE
Trans. Inf. Theory, vol. 50, no. 12, pp. 3062–3080, Dec. 2004.

[12] A. A. Nasir, X. Zhou, S. Durrani, and R. A. Kennedy, “Wireless-
powered relays in cooperative communications: Time-switching relaying
protocols and throughput analysis,” IEEE Trans. Commun., vol. 63,
no. 5, pp. 1607–1622, May 2015.

[13] A. A. Nasir, X. Zhou, S. Durrani, and R. A. Kennedy, “Relaying
protocols for wireless energy harvesting and information processing,”
IEEE Trans. Wireless Commun., vol. 12, no. 7, pp. 3622–3636, Jul. 2013.

[14] Z. Ding, I. Krikidis, B. Sharif, and H. V. Poor, “Wireless information
and power transfer in cooperative networks with spatially random
relays,” IEEE Trans. Wireless Commun., vol. 13, no. 8, pp. 4440–4453,
Aug. 2014.

[15] A. Sabharwal, P. Schniter, D. Guo, D. W. Bliss, S. Rangarajan, and
R. Wichman, “In-band full-duplex wireless: Challenges and opportu-
nities,” IEEE J. Sel. Areas Commun., vol. 32, no. 9, pp. 1637–1652,
Sep. 2014.

[16] C. Zhong, H. A. Suraweera, G. Zheng, I. Krikidis, and Z. Zhang,
“Wireless information and power transfer with full duplex relaying,”
IEEE Trans. Commun., vol. 62, no. 10, pp. 3447–3461, Oct. 2014.

[17] Y. Zeng and R. Zhang, “Full-duplex wireless-powered relay with
self-energy recycling,” IEEE Wireless Commun. Lett., vol. 4, no. 2,
pp. 201–204, Apr. 2015.

[18] Y. Cheng and M. Pesavento, “Joint optimization of source power
allocation and distributed relay beamforming in multiuser peer-to-
peer relay networks,” IEEE Trans. Signal Process., vol. 60, no. 6,
pp. 2962–2973, Jun. 2012.

[19] G. R. Lanckriet and B. K. Sriperumbudur, “On the convergence of the
concave-convex procedure,” in Proc. Neural Inf. Process. Syst., 2009,
pp. 1759–1767.

[20] W. Guan and H. Luo, “Joint MMSE transceiver design in non-
regenerative MIMO relay systems,” IEEE Commun. Lett., vol. 12, no. 7,
pp. 517–519, Jul. 2008.

[21] F.-S. Tseng and W.-R. Wu, “Linear MMSE transceiver design in
amplify-and-forward MIMO relay systems,” IEEE Trans. Veh. Technol.,
vol. 59, no. 2, pp. 754–765, Feb. 2010.

[22] C. Xing, S. Ma, and Y.-C. Wu, “Robust joint design of linear relay
precoder and destination equalizer for dual-hop amplify-and-forward
MIMO relay systems,” IEEE Trans. Signal Process., vol. 58, no. 4,
pp. 2273–2283, Apr. 2010.

[23] C. Xing, S. Ma, Z. Fei, Y. C. Wu, and H. V. Poor, “A general robust linear
transceiver design for multi-hop amplify-and-forward MIMO relaying
systems,” IEEE Trans. Signal Process., vol. 61, no. 5, pp. 1196–1209,
Mar. 2013.

[24] A. P. Millar, S. Weiss, and R. W. Stewart, “Tomlinson Harashima
precoding design for non-regenerative MIMO relay networks,” in Proc.
IEEE Veh. Technol. Conf., May 2011, pp. 1–5.

[25] F. Tseng, M. Chang, and W. Wu, “Joint Tomlinson–Harashima source
and linear relay precoder design in amplify-and-forward MIMO relay
systems via MMSE criterion,” IEEE Trans. Veh. Technol., vol. 60, no. 4,
pp. 1687–1698, May 2011.

[26] A. P. Millar, S. Weiss, and R. W. Stewart, “Robust transceiver design for
MIMO relay systems with Tomlinson Harashima precoding,” in Proc.
IEEE EUSIPCO, Aug. 2012, pp. 1374–1378.

[27] C. Xing, M. Xia, F. Gao, and Y.-C. Wu, “Robust transceiver
with Tomlinson-Harashima precoding for amplify-and-forward MIMO
relaying systems,” IEEE J. Sel. Areas Commun., vol. 30, no. 8,
pp. 1370–1382, Sep. 2012.

[28] F. Tseng, M. Chang, and W. Wu, “Robust Tomlinson-Harashima source
and linear relay precoders design in amplify-and-forward MIMO relay
systems,” IEEE Trans. Commun., vol. 60, no. 4, pp. 1124–1137,
Apr. 2012.

[29] L. Zhang, Y. Cai, R. de Lamare, and M. Zhao, “Robust multibranch
Tomlinson-Harashima precoding design in amplify-and-forward MIMO
relay systems,” IEEE Trans. Commun., vol. 62, no. 10, pp. 3476–3490,
Oct. 2014.

[30] M. B. Shenouda and T. N. Davidson, “A framework for designing MIMO
systems with decision feedback equalization or Tomlinson-Harashima
precoding,” IEEE J. Sel. Areas Commun., vol. 26, no. 2, pp. 401–411,
Feb. 2008.

[31] A. Gupta and D. Nagar, Matrix Variate Distributions. London, U.K.:
Chapman & Hall, 2000.

[32] Y. Zeng and R. Zhang, “Optimized training design for wireless
energy transfer,” IEEE Trans. Commun., vol. 63, no. 2, pp. 536–550,
Feb. 2015.

[33] J. Liu, F. Gao, and Z. Qiu, “Robust transceiver design for downlink
multiuser MIMO AF relay systems,” IEEE Trans. Wireless Commun.,
vol. 14, no. 4, pp. 2218–2231, Apr. 2015.

[34] J. W. Brewer, “Kronecker products and matrix calculus in system the-
ory,” IEEE Trans. Circuits Syst., vol. 25, no. 9, pp. 772–781, Sep. 1978.

[35] Y. Che, J. Xu, L. Duan, and R. Zhang, “Multiantenna wireless powered
communication with cochannel energy and information transfer,” IEEE
Commun. Lett., vol. 19, no. 12, pp. 2266–2269, Dec. 2015.

[36] S. Boyd and L. Vandenberghe, Convex Optimization. Cambridge, U.K.:
Cambridge Univ. Press, 2004.

[37] O. Mehanna, K. Huang, B. Gopalakrishnan, A. Konar, and
N. D. Sidiropoulos, “Feasible point pursuit and successive approxima-
tion of non-convex QCQPs,” IEEE Signal Process. Lett., vol. 22, no. 7,
pp. 804–808, Jul. 2015.

[38] M. Grant, S. Boyd, and Y. Ye. (Sep. 2013). CVX: MATLAB
Software for Disciplined Convex Programming. [Online]. Available:
http://cvxr.com/cvx

[39] R. Horst and N. V. Thoai, “DC programming: Overview,” J. Optim.
Theory Appl., vol. 103, no. 1, pp. 1–43, Oct. 1999.

[40] A. J. Smola, S. Vishwanathan, and T. Hofmann, “Kernel methods for
missing variables,” in Proc. 10th. Int. Workshop Artif. Intell. Statist.,
Mar. 2005, pp. 325–332.

[41] Q. Shi, W. Xu, J. Wu, E. Song, and Y. Wang, “Secure beamforming
for MIMO broadcasting with wireless information and power trans-
fer,” IEEE Trans. Wireless Commun., vol. 14, no. 5, pp. 2841–2853,
May 2015.

Authorized licensed use limited to: McGill University. Downloaded on November 28,2022 at 06:53:24 UTC from IEEE Xplore.  Restrictions apply. 



6966 IEEE TRANSACTIONS ON WIRELESS COMMUNICATIONS, VOL. 16, NO. 10, OCTOBER 2017

[42] S. Gong, C. Xing, N. Yang, Y.-C. Wu, and Z. Fei, “Energy efficient
transmission in multi-user MIMO relay channels with perfect and
imperfect channel state information,” IEEE Trans. Wireless Commun.,
vol. 16, no. 6, pp. 3885–3898, Jun. 2017.

[43] K.-Y. Wang, A. M.-C. So, T.-H. Chang, W.-K. Ma, and C.-Y. Chi,
“Outage constrained robust transmit optimization for multiuser MISO
downlinks: Tractable approximations by conic optimization,” IEEE
Trans. Signal Process., vol. 62, no. 21, pp. 5690–5705, Nov. 2014.

[44] J. Yang, B. Champagne, Y. Zou, and L. Hanzo, “Joint optimization
of transceiver matrices for MIMO-aided multiuser AF relay networks:
Improving the QoS in the presence of CSI errors,” IEEE Trans. Veh.
Technol., vol. 65, no. 3, pp. 1434–1451, Mar. 2015.

[45] M. Ding and S. D. Blostein, “MIMO minimum total MSE transceiver
design with imperfect CSI at both ends,” IEEE Trans. Signal Process.,
vol. 57, no. 3, pp. 1141–1150, Mar. 2009.

Lei Zhang received the B.S. degree in com-
munication engineering from Zhejiang University,
Hangzhou, China, in 2011, where she is currently
pursuing the Ph.D. degree in communication and
information systems. Her current research interests
include MIMO precoding, interference suppression
techniques, and transceiver design in cooperative
communication.

Yunlong Cai (S’07–M’10–SM’16) received the
B.S. degree in computer science from Beijing
Jiaotong University, Beijing, China, in 2004, the
M.Sc. degree in electronic engineering from the
University of Surrey, Guildford, U.K., in 2006,
and the Ph.D. degree in electronic engineering
from the University of York, York, U.K., in 2010.
From 2010 to 2011, he was a Post-Doctoral Fellow
with the Electronics and Communications Labora-
tory, Conservatoire National des Arts et Metiers,
Paris, France. From 2016 to 2017, he was a Visiting

Scholar with the School of Electrical and Computer Engineering, Georgia
Institute of Technology, Atlanta, GA, USA. Since 2011, he has been with
the College of Information Science and Electronic Engineering, Zhejiang
University, Hangzhou, China, where he is currently an Associate Professor.
His research interests include transceiver design for multiple-antenna sys-
tems, sensor array processing, adaptive filtering, full-duplex communications,
cooperative and relay communications, and wireless information and energy
transfer.

Minjian Zhao (M’10) received the M.Sc. and
Ph.D. degrees in communication and information
systems from Zhejiang University, Hangzhou, China,
in 2000 and 2003, respectively. He is currently a
Professor with the College of Information Science
and Electronic Engineering, Zhejiang University. His
research interests include modulation theory, channel
estimation and equalization, and signal processing
for wireless communications.

Benoit Champagne (S’87–M’89–SM’03) received
the B.Ing. degree in engineering physics from the
École Polytechnique de Montréal in 1983, the
M.Sc. degree in physics from the Université
de Montréal in 1985, and the Ph.D. degree in elec-
trical engineering from the University of Toronto
in 1990. From 1990 to 1999, he was an Assistant and
then Associate Professor with INRS-Telecommuni-
cations, Université du Quebec, Montréal. In 1999,
he joined McGill University, Montreal, where he
has served as an Associate Chairman of graduate

studies with the Department of Electrical and Computer Engineering
from 2004 to 2007. He is currently a Full Professor with the Department
of Electrical and Computer Engineering, McGill University. His research has
been funded by the Natural Sciences and Engineering Research Council of
Canada, the Fonds de Recherche sur la Nature et les Technologies from the
Government of Quebec, and some major industrial sponsors, including Nortel
Networks, Bell Canada, InterDigital, and Microsemi. His research focuses on
the study of advanced algorithms for the processing of communication signals
by digital means. His interests span many areas of statistical signal processing,
including detection and estimation, sensor array processing, adaptive filtering,
and applications thereof to broadband communications and audio processing,
where he has co-authored nearly 250 referred publications.

Dr. Champagne has served on the technical committees of several inter-
national conferences in the fields of communications and signal processing.
In particular, he was the Registration Chair of the IEEE ICASSP 2004, the
Co-Chair of the Antenna and Propagation Track for the IEEE VTC–Fall 2004,
the Co-Chair of the Wide Area Cellular Communications Track for the IEEE
PIMRC 2011, the Co-Chair of the Workshop on D2D Communications for the
IEEE ICC 2015, and the Publicity Chair of the IEEE VTC–Fall 2016. He was
an Associate Editor of the EURASIP Journal on Applied Signal Processing
from 2005 to 2007, the IEEE SIGNAL PROCESSING LETTERS from 2006
to 2008, and the IEEE TRANSACTIONS ON SIGNAL PROCESSING from 2010
to 2012, and a guest editor for two special issues of the EURASIP Journal
on Applied Signal Processing in 2007 and 2014, respectively.

Lajos Hanzo (M’91–SM’92–F’04) received the
D.Sc. degree in electronics in 1976 and the Ph.D.
degree in 1983. During his 40-year career in
telecommunications, he has held various research
and academic positions in Hungary, Germany, and
the U.K. In 2016, he was admitted to the Hungarian
Academy of Science. Since 1986, he has been with
the School of Electronics and Computer Science,
University of Southampton, U.K., where he currently
holds the Chair in telecommunications. He is also a
Chaired Professor with Tsinghua University, Beijing.

He is an enthusiastic supporter of industrial and academic liaison and he
offers a range of industrial courses. He is directing a 60-strong academic
research team, involved in a range of research projects in the field of wireless
multimedia communications sponsored by industry, the Engineering and
Physical Sciences Research Council, U.K., the European Research Council’s
Advanced Fellow Grant, and the Royal Society’s Wolfson Research Merit
Award. He has successfully supervised 111 Ph.D. students, co-authored 18
John Wiley/IEEE Press books on mobile radio communications totaling in
excess of 10 000 pages, and published over 1600 research contributions
on IEEE Xplore. He is an FREng, FIET, and a Fellow of the EURASIP.
He received the honorary doctorate by the Technical University of Budapest
in 2009 and The University of Edinburgh in 2015. He has been a recipient of
a number of distinctions. He has over 30 000 citations and an H-index of 68.
He has acted as the TPC and general chair of IEEE conferences and presented
keynote lectures. He is a Governor of the IEEE VTS. From 2008 to 2012, he
was the Editor-in-Chief of the IEEE Press.

Authorized licensed use limited to: McGill University. Downloaded on November 28,2022 at 06:53:24 UTC from IEEE Xplore.  Restrictions apply. 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Arial-Black
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /ComicSansMS
    /ComicSansMS-Bold
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FranklinGothic-Medium
    /FranklinGothic-MediumItalic
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Gautami
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /Impact
    /Kartika
    /Latha
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaConsole
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSansUnicode
    /Mangal-Regular
    /MicrosoftSansSerif
    /MonotypeCorsiva
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /MVBoli
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Raavi
    /Shruti
    /Sylfaen
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /Vrinda
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 600
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 600
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Required"  settings for PDF Specification 4.0)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


